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Abstract: We have proposed an analysis method using 360° Panorama images to treat them quantitatively as visual space

information from design theory. However, painting the captured images is an artificial one, and the larger the number of

target images, the greater the workload. Therefore, to create a territory extraction model and automatically paint the

images, we constructed a U-net model using semantic segmentation, one of the deep learning methods. As a result, we

confirmed that the model is adequate for quantitative analysis if the conditions are the same as those of the teacher data.
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Fig.7 Graph of Fourier transform for each video and space element.
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