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Investigation of a Posture Estimation Method Using Motion
Images for Detecting Estrus in Beef Cattle

Ryota Shibusawa
1-10-2 Kokubuchuo, Kirishima-City, Kagoshima, 899-4395, Japan

Abstract: In the breeding operations of beef cattle, it is primarily necessary to rear female cows and
detect their estrus behaviors, such as mounting, which the livestock owner must identify. Following
detection, artificial insemination by a professional inseminator is required immediately. Due to the
wide range of tasks in livestock farming, it is not always possible to visually monitor estrus behavior
constantly, leading to various estrus detection systems being researched to date. Most of these involve
attaching sensors to the cattle. In contrast, this study proposes a method to detect estrus behavior
based solely on posture estimation from video footage captured by cameras, without the need to
attach sensors to the cattle. Initially, this research investigated the extent to which posture
estimation of beef cattle is possible using the mm-pose inference engine. The results showed that
bounding box estimation could be achieved with an accuracy of about 93%, and posture estimation

with an accuracy of about 63%.

Key words: Pose estimation, Estrus detection in cattle, Data-driven agriculture, Human-Al collaborative system
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